
Comparing GPT and Claude on a business memo is not a matter of asking both models, “Which one is multiai.pro
better?” and choosing the answer that sounds more polished. A useful comparison tests whether each model
understands the decision, handles the evidence faithfully, spots weak assumptions, and helps you make the memo
clearer without inventing certainty.

The most reliable approach is to give both models the same source material and assignment, then compare their
work against a defined standard. Use a shared thread when you want models to review one another’s reasoning,
parallel workflows when you want an unbiased first pass, and sequential workflows when you want one model to
improve a draft created by another. For structured work, orchestration modes can make the process repeatable.

This guide walks through a practical method, including a hypothetical $42M acquisition example involving a
company called Skybridge. The example is illustrative, not a claim about an actual transaction. The goal is to show
how model comparison can improve memo revision, support a reasoning check, and encourage assumption
flagging before a recommendation goes to decision-makers.

Start with the decision, not the models
Before you compare GPT and Claude, define what the memo is supposed to help someone decide. A memo that
recommends whether to acquire a business has different requirements from one that summarizes diligence
findings or requests approval for a budget. If the assignment is vague, the models may produce different kinds of
answers, making the comparison misleading.

Write a short brief that specifies:

The decision: What must the reader decide, and by when?

The audience: What does the reader already know? What level of detail do they need?

The evidence: Which documents, figures, and statements may the models use?

The constraints: Required length, format, tone, and any topics to avoid.

The standard: What would make the memo useful, accurate, and decision-ready?
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For example: “Prepare a two-page investment committee memo assessing whether to proceed with a potential
acquisition of Skybridge for $42M. Use only the attached materials. Separate verified facts from estimates, identify
unresolved diligence questions, and recommend a next step. Do not treat the proposed price as approved or imply
that forecasts are guaranteed.”

That framing gives both models the same job. It also reduces a common source of comparison error: one model
may be answering the question you intended, while the other is answering a more general or more convenient
version of it.

Build a fair GPT vs. Claude test
A good comparison controls the inputs. Give GPT and Claude the same memo draft, source documents,
instructions, and output format. If you change the prompt, evidence, or audience between runs, you are
comparing different assignments rather than the models.

For a first-pass test, use a clean, separate session for each model. Provide the same materials and ask for the same
deliverables. You might request a recommendation, the three strongest supporting points, the three biggest risks,
and a list of claims that need verification. Keep the original drafts separate until both first passes are complete;
otherwise, one model can anchor on the other’s language.

Then evaluate the outputs against a short rubric. A simple 1-to-5 score is enough if you define what you are
scoring:

Criterion What to look for Example question Factual fidelity Accurate use of the provided evidence, with no
unsupported additions Can every material claim be traced to a source? Reasoning Clear links between evidence,
risks, and recommendation Does the conclusion follow from the stated facts? Assumption flagging Explicit
identification of estimates, unknowns, and dependencies Does it distinguish a forecast from a verified result?
Decision usefulness Direct answer, material trade-offs, and practical next steps Can the reader act on the memo?
Writing quality Clarity, organization, appropriate tone, and concise language Can a busy reader find the key point
quickly?

Do not let a fluent answer win by default. In business writing, a confident sentence unsupported by the source
material is a liability, not a strength. Treat factual fidelity and decision usefulness as more important than stylistic
preference.

Use parallel workflows for an unbiased first read
In a parallel workflow, GPT and Claude independently analyze the same materials at the same time. Neither sees
the other’s output before completing its first pass. This is usually the best way to discover whether the models
interpret the evidence differently.

For the Skybridge example, both models could review the same materials: a proposed $42M purchase price,
historical revenue figures, management’s forecast, customer concentration information, and notes from diligence.
Ask each model to produce the same structured response:

1. State the decision and give a provisional recommendation.

2. Separate source-backed facts from estimates and assumptions.

3. Identify the five issues most likely to change the decision or price.

4. List missing information and propose follow-up questions.

5. Draft a concise executive summary using only the supplied evidence.



Parallel review is useful because it surfaces differences without making either model the “lead” voice. One model
may focus on customer concentration; the other may emphasize the dependence of the valuation on a forecast.
Those differences are not automatically proof that one model is correct. They are prompts to inspect the
underlying evidence and decide which issue matters.

It is also a good way to spot omissions. If both models independently identify the same material risk, that may
warrant attention. If one model catches an issue the other misses, verify it against the source. Agreement can be
reassuring, but it is not validation: two models can repeat the same mistaken inference, especially when the
prompt or source material is ambiguous.

Use a shared thread for multi-model AI chat
After independent first passes, multi-model AI chat in one shared thread can make the comparison more
interactive. In a shared thread, the models can work with the same context and respond to one another’s analysis.
This is useful for a reasoning check, for challenging a recommendation, and for turning differences into specific
follow-up work.

For example, share both independent outputs and ask each model to identify:

Which claims in the other analysis are well supported by the source material.

Which claims rely on an assumption or an unstated interpretation.

What evidence would resolve the most important disagreement.

Whether either model overlooked a risk that could change the recommendation.

Do not ask the models merely to “debate until they agree.” Agreement is not the objective. Instead, ask them to
produce a disagreement log: the issue, each model’s interpretation, the relevant source, what remains unknown,
and the decision impact. A reviewer can then check the documents and decide whether the difference reflects a
genuine ambiguity, a calculation error, a missing fact, or a different view of materiality.

A shared thread can also help with memo revision. Once you have checked the disputed points, ask for a revised
draft that preserves the verified facts, labels unresolved assumptions, and makes the recommendation
appropriately conditional. Keep the source documents available in the thread, and instruct the models not to
convert uncertainty into a definitive claim just to make the prose smoother.

Use sequential workflows when one model has a defined role
In a sequential workflow, one model’s output becomes the next model’s input. This can be effective when the roles
are deliberate. For instance, GPT could create a structured first draft, while Claude reviews it for unsupported
statements and unclear logic. Or Claude could draft the memo, while GPT acts as a skeptical reviewer. You can
reverse those roles to see whether the workflow changes the result.

The advantage is focus: the second model is not starting from scratch but is reviewing a specific artifact. The risk is
anchoring. A reviewer may inherit the first model’s framing, overlook alternative interpretations, or spend its effort
polishing a weak recommendation. For that reason, sequential review should follow—not replace—an independent
first pass when the decision is important.

Make the review role explicit. Instead of asking, “Improve this memo,” try: “Review this draft against the source
documents. Do not rewrite it yet. Flag every material claim that is unsupported, overstated, or ambiguous. Then
identify any missing counterargument and explain what evidence would resolve it.” Only after that review should
you ask for a revised draft.



Choose an orchestration mode for the work
Orchestration modes are ways of organizing model tasks so that a workflow fits the job. The specific controls
depend on the tool you use, but a useful business-memo process often includes three modes:

Independent mode: Models analyze the same input separately. Use it for unbiased comparison and issue
discovery.

Reviewer mode: One model critiques another model’s draft against a fixed rubric. Use it for factual checks
and targeted memo revision.

Synthesis mode: A lead step combines verified findings while preserving unresolved differences. Use it to
prepare a human-review draft, not to declare a winner automatically.

For structured work, give every stage a clear input and output. An example workflow might be: independent
analysis, evidence check, disagreement log, human decision on disputed items, then final memo draft. This
structure makes the process easier to repeat and audit. It also prevents a “final answer” from appearing without a
visible path from evidence to recommendation.

Turn disagreement into a better decision
Disagreement is a signal for better decisions when it is specific and traceable. A vague difference in tone is usually
less important than disagreement about a key number, a forecast dependency, or what a source actually says. The
practical question is not “Which model sounds more convincing?” but “What is the disputed claim, what evidence
bears on it, and could resolving it change the decision?”

Suppose GPT treats Skybridge’s forecast growth as a central reason the proposed $42M price may be supportable,
while Claude views that growth as too uncertain to rely on. Do not average their positions or ask a third model to
pick a side. Instead, record the assumption: the forecast growth is achievable. Then identify the evidence needed to
test it, such as historical performance, pipeline quality, customer retention, or independent market data. If the
evidence is missing, the memo should say so and explain how the uncertainty affects the recommendation.

A useful disagreement log can include:

Question: What exactly do the models interpret differently?

Evidence: Which source passages or figures are relevant?

Assumption: What must be true for each interpretation to hold?

Impact: Could this affect price, approval, timing, or risk?

Resolution: What follow-up, calculation, or human judgment is needed?

This method turns model disagreement into an agenda for diligence rather than a contest in persuasion. It also
makes assumption flagging more concrete: instead of adding a generic “subject to further diligence” disclaimer, the
memo names the unknown, its significance, and the evidence needed to address it.



Keep humans responsible for the final memo
AI can help organize evidence, challenge a draft, and improve clarity. It cannot take responsibility for the
recommendation. A human reviewer should verify important numbers against primary sources, confirm that
quotations and calculations are correct, check whether the memo omits relevant context, and decide how much
uncertainty the organization is willing to accept.

Before sending a memo, review it against a final checklist:

Does the opening state the decision and recommendation clearly?

Are facts, estimates, forecasts, and assumptions distinguishable?

Can material claims be traced to the supplied evidence?

Are unresolved disagreements represented honestly?

Does the memo explain what evidence could change the recommendation?

Has a responsible person reviewed and approved the final version?

A practical rule for comparing GPT and Claude
Use GPT and Claude as independent analytical partners, not as competing authorities. Start with the same
assignment and evidence, compare first passes in parallel, and then use a shared thread or sequential review to
investigate meaningful differences. Apply a structured rubric, preserve the disagreement log, and have a human
verify the facts and make the call.

That process makes model comparison useful for more than choosing a writing style. It supports a stronger
reasoning check, sharper assumption flagging, and more disciplined memo revision. In a consequential decision—
whether the question is a hypothetical $42M Skybridge acquisition or an internal investment request—the best
outcome is not simply a polished memo. It is a memo that shows what is known, what remains uncertain, and why
the recommendation follows from the evidence.


